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Abstract 
Farmers now have a way to access a variety of financial banking services nearby due to digital 

credit systems, which address the problem of credit availability in agricultural output. The study 

used primary data gathered from 240 respondents using a multi-stage sampling technique to 

investigate the variables affecting farmers' adoption of digital credit systems in Akwa Ibom State, 

Nigeria. Descriptive statistics and the binary logit model were used to analyze the data. Results 

showed that most respondents (95%) had a formal education, the majority (55.4%) of farmers were 

women, 43% of respondents were between the ages of 41- 50, with a mean age of 35 years, and 

55% were married, with an average household size of 6 and a mean farming experience of 11 

years. The average monthly income of the respondents was ₦3812.78, and 73.7% of the sample 

had no access to credit facilities. According to the survey, farmers in the study area were highly 

aware of digital credit systems (77.5%) but only had little access to them (32.9%). The study 

further showed that educational level, phone worth, average savings, access to credit, and 

electricity bill were the factors that significantly influenced farmers' use of Digital Credit Systems 

in the study area. This informed the need for digital credit service providers to expand the 

availability of sufficient float of funds (credit) into the study area with a platform that can be easily 

operated, having flexible terms and conditions, to promote accessibility, alongside the Government 

and Public-Private Partnership should also pay attention to the issue of electricity needed to charge 

mobile phones in the study area, as well as strengthen internet infrastructural construction. 
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1. Introduction 
Digital credit is defined as the provision of financial loans over a digital channel online, through a 

mobile device, characterized by instant, remote approval and disbursement based on non-

traditional information sources such as social media data, mobile phone activity, digital payments, 

and mobile banking history (Reynolds et al., 2017). Three distinctive characteristics set digital 

credit apart from other financial services. They are as follows: first, it can be requested, authorized, 

and paid out electronically (often without any brick-and-mortar infrastructure). Second, the time 

and steps between loan distribution and registration are decreased by its automatic approval, and 
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lastly, its approval is immediate (less than 72 hours) (Consultative Group to Assist the Poor 

[CGAP] (2016). Due to these capabilities, lending institutions are now able to assess a loan 

applicant's creditworthiness and eligibility using a mobile device without having to meet them in 

person. The World Bank Group (2013) claims that digital credit platforms have the potential to 

increase credit to borrowers who would not otherwise be covered by the traditional financial 

system, giving unbanked and low-income people access to loans and credit. People who do not 

have formal documents and live distant from bank branches or who do not have the time or money 

to complete formal banking standards are considered unbanked. By lowering the time and travel 

required to apply for loans in person, digital credit platforms can increase the range of credit 

products available to consumers by introducing alternative technological platforms. 

 

With a market potential of over 300 million registered accounts by the year 2017 (Al- Smadi, 

2018), digital credit is also growing in popularity in emerging and developing economies, 

particularly at the forefront of rapid financial inclusion in Sub-Saharan Africa. This is partly due 

to the widespread use of mobile phones. Leading the way in the expansion of digital credit is East 

Africa. Global System for Mobile Association (GSMA) (2016) reports that Sub-Saharan Africa 

now has a greater proportion of mobile money accounts than bank accounts. Digital credit has 

become extremely popular in Nigeria over the last few years as a result of its distinct advantages 

of being quick, easy, and private. Digital credit has become a substitute method of granting short-

term loans in Nigeria. A mobile phone operator will collaborate with a financial institution to 

provide customers with small, short-term loans directly through an established mobile money 

ecosystem in a typical digital credit offering. Comparing this strategy to current microcredit or 

bank credit has various benefits. First, since loans can be dispensed through mobile money and 

converted to cash using existing agent networks, digital credit has the potential to significantly cut 

transaction costs (which are typically far more extensive than bank or ATM networks). Second, 

loans can be disbursed instantly without the need for a financial institution to conduct an in-person 

verification process. Third, digital credit providers create alternative credit scores using atypical 

data (in particular, mobile money and airtime usage) that enable credit to be extended to broad 

groups of people without the need for collateral or traditional scores (Elizabeth, 2020). 

 

 

Through various digital media including mobile phones, laptops, and credit and debit cards, among 

others, digital credit financing services offer a way to obtain credit facilities and other financial 

services. Digital credit can assist with agricultural production concerns, particularly in rural areas 

where there are no banks or other financial institutions. Applications can only be submitted through 

a website or app, therefore having internet access and a smartphone are requirements for processing 

loan applications (Findev Gateway, 2020). Farmers are given access to short-term loans called 

"Digital Credit" so they can quickly buy farm inputs and keep up with their farming schedule.  

 

The type of farm enterprise has an impact on loan eligibility, loan size, and repayment terms. 

Credit companies inspect the farmers' businesses when they apply for a loan to make sure it will 

be used responsibly. The length of the production cycle of the farmer's business determines how 

long the loan must be repaid. The farmer repays the loan after the production cycle, and after that, 

he or she is eligible to reapply. 
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Several academics have conducted empirical investigations on the extent of the benefits and 

challenges of digital credit. Oyier (2020) researches to determine the effects of access to digital-

nano-credit on the socioeconomic well-being of low-income earners in Nairobi, using a purposive 

stratified random sampling technique to choose 196 respondents as a representative sample size 

from the population and a cross-sectional survey research design to gather and analyze the data. 

The results show a high acceptance and use of digital loans among adults in urban areas, up to 

50% and 45%, respectively in Nairobi, with a statistically significant and positive relationship 

between socioeconomic welfare, access to digital nano credit, and adoption of digital-nano credit. 

Kirui et al., (2012) investigate the variables affecting rural Kenyan farmers' use of mobile banking 

services, and they discover that education, proximity to mobile banking agents, and endowment 

with material and financial assets all affect the use of mobile-banking services. Yang & Liu (2019) 

evaluate the factors influencing farmers’ loans and loan size through internet platforms and find 

that the proportion of farmers' loans through the internet is low. They also find that some indices, 

including age, total income and expenditure, a primary source of income, number of close relatives, 

and understanding of internet loans, have significant effects on loan access. Additionally, age, 

primary sources of income, and farmers' comprehension of internet loans are all major factors that 

greatly affect loan amounts. 

 

Omol et al., (2017) determine the factors influencing the acceptance of mobile money applications 

among small and medium enterprises in Kenya, with the Technology Acceptance Model being the 

foundation of the study (TAM). The study finds that the adoption of mobile money applications is 

highly correlated with perceived usefulness, perceived ease of use, and perceived danger. On the 

other side, the study also finds that demographic characteristics are strongly associated with 

Kenya's use of mobile money applications. Liu & Tai (2016) investigate the factors impacting the 

utilization of mobile payment services in Vietnam and the study lists the following variables as 

those that affect the adoption of mobile payment services: mobility-comfort, compatibility, 

understanding of mobile payment, ease of use, usefulness, and trust-safe use. The study also finds 

that while mobility and the convenience of mobile payment services enhance awareness of the 

system's ease of use and usefulness, compatibility has the greatest impact on the system's ease of 

use and usefulness. 

Transaction expenses can present Farmers with a significant obstacle to obtaining banking services 

(Karlan et al., 2016). Furthermore, smallholder farmers rarely have access to loans from banks and 

other financial institutions because doing business with these households is expensive for the 

banks. Farmers are forced to seek loans from their families and community members because 

smallholders can seldom furnish the collateral that financial institutions require as security. 

However, these informal loans are scarce because community members share the same capital 

limits as borrowers (Yao & Shanoyan, 2018). Due to the lack of financial inclusion in rural areas, 

it is very difficult for rural-based farmers to access these services. Banks and financial service 

providers are primarily located in urban areas and conduct most of their business there. It has been 

observed that very few of these agents travel to rural areas to provide financial services. This is 

the problem that agricultural operators in Nigeria's rural areas face. As a result of the foregoing, it 

is essential to assess the effect that digital money has on agribusinesses in Nigeria due to the issues 

highlighted above and suggest solutions. It is against this backdrop that the study seeks to address 

the factors influencing the use of digital credit systems by farmers in Akwa Ibom State. 

Specifically, the study examined the socio-economic characteristics of farmers in the study area 
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and determined the factors that influence the use of digital credit systems by farmers in the study 

area. 

2.0 Methodology 
2.1 Study Area 

The study was carried out in Akwa Ibom State, Nigeria. The State is located between longitudes 

7°30’ and 8°20’E and latitude 4°30’ 5°30’N with a total area of 7,245,933km², a shoreline of 12km, 

and an estimated population of 5,482,200 (National Population Commission, NPC, 2006). Akwa 

Ibom State is generally shaped like a triangle on the map; it is bordered in the west by Rivers and 

Abia States and in the east by Cross River State, and in the south by the Atlantic River in the 

coastal plain of southern Nigeria. The people of Akwa Ibom are farmers, artisans, and 

businesspeople. The majority of people in rural areas work in agriculture. Fishing, trading, hunting, 

woodcarving, raffia work, tailoring, and making crafts are some of the people's other traditional 

occupations. 

 

2.2 Sampling Procedure and Data Collection 

A multistage sampling technique was adopted for the study. In the first stage, three (3) zones: Uyo, 

Ikot Ekpene, and Oron Agricultural Zones were randomly selected from the six (6) zones in Akwa 

Ibom State. In the second stage, four (4) blocks were randomly selected from each of the selected 

three (3) zones making a total of twelve (12) blocks. They were:  Uyo, Uruan, Ibiono Ibom, Itu for 

Uyo Zone, Ukana Iba, Nto Edino, Ikot Ekpene, Ikpe Ikot Nkon for Ikot Ekpene Zone, and Oron, 

Okobo, Oruko, Mbo for Oron Zone. In the third stage, four (4) cells were selected from each of 

the twelve (12) blocks, making a total of forty-eight (48) cells. In the last stage, five (5) farmers 

were randomly selected from each of the forty-eight (48) cells giving a total of two hundred and 

forty (240) respondents for the study. To guarantee the consistency and accuracy of the data 

gathered, personal interviews were conducted with the selected farmers to obtain the relevant data 

used for the study. 

 

2.3 Analytical Techniques 
The study employed both descriptive and inference statistics such as means, frequency count and percentage 

to analyse the objective one which was the socio-economic characteristics of farmers in the use of the 

digital credit system in the study area while the Binary logit model was to analyse the factors that 

influence the use of digital credit system by farmers in the study area. The logistic model is 

specified explicitly as: 

𝐴𝐷𝐶 =  𝛽0+ 𝛽1𝐸𝐷𝑈𝐿 + 𝛽2 𝐴𝑇𝐶 + 𝛽3𝐴𝑇𝐸𝑋 + 𝛽4𝐼𝑁𝑇𝑅 +  𝛽5𝐿𝐷𝑈𝑅 +  𝛽6𝑃𝐻𝑊𝑇 +  𝛽7𝐷𝑆𝑈𝐵 +
 𝛽8 𝐴𝑆𝐴𝑉 +𝛽9𝐸𝐵𝐼𝐿          1 

Where:   

𝐴𝐷𝐶   = Access to digital credit (Dummy where 1, if respondents have access to digital credit and 

0, if respondents do not have access to digital credit) 

𝐸𝐷𝑈𝐿 = Educational level (number of years spent in school) 

𝐴𝑇𝐶    = Access to credit (Dummy where 1, if respondents have access to credit; and 0, if  

respondents do not have access to credit) 

𝐴𝑇𝐸𝑋 = Access to Extension services (Dummy where 1, if respondents have access to Extension  

services and 0, if respondents do not have access to Extension services)  

𝐼𝑁𝑇𝑅  =  Interest rate (measured using % rate) 

𝐿𝐷𝑈𝑅 =  Loan duration (measured using Months)  
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𝑃𝐻𝑊𝑇 = Phone Worth (measured in ₦) 

𝐷𝑈𝑆𝐵 =  Data subscription (measured in ₦) 

𝐴𝑆𝐴𝑉   = Average savings (measured in ₦) 

𝐸𝐵𝐼𝐿   = Electricity bill (measured in ₦) 

 

3.0 Results and Discussion  
3.1 Socio-economic Characteristics of the Respondents 

The results of the distribution of respondents based on their socio-economic characteristics are 

shown in Table 1. The result reveals that the majority (55.4%) of the respondents are females. This 

implies more female farmers were randomly sampled and suggest females engage in agricultural 

production in the study area. This may be done to supplement the family income and lessen the 

family's reliance on its male members. This study supports the previously expressed views of 

Akpaeti & Umoh (2013), Zubairu & Maurice (2014), Hadebe & Mpofu (2013) who reports more 

female farmers than males in their studies. The majority (43%) of the farmers fall between the ages 

of 41- 50 (forty-one to fifty) years, with a mean age of 35. This result agrees with the findings of 

Akpaeti et al., (2019) who reveal that the mean age of 36 (thirty-six) years implies that the 

respondents are still in the productive and working age bracket where they can contribute to or 

produce to make some income from farming and other non-farming activities. This finding also 

concurs with the findings of Fawole (2006) and Edeoghon et al., (2008) who reveals that most of 

the respondents belonged to the middle age category of 30 – 50 (thirty to fifty) years and they 

engage more in agricultural activities. In education, as shown in Table 1, Majority (95%) attained 

formal education. This high literacy rate is capable of impacting positively farm production, as 

literate farmers understand and assimilate farming information more than illiterate ones. 

Additionally, they are more likely to accept agricultural technologies, which could increase their 

agricultural productivity. This finding is in consonant with that of Haddabi et al., (2019), Adebayo 

(2012), Akpaeti & Umoren (2020). The results also show that there are more married farmers 

(55%) than single (34.6%), widows (8.3%), and divorced farmers (2.1%). The reason for the high 

percentage of married farmers in the area of study could attribute to the fact that marriage thrust 

responsibilities on the family which compels them into farming. This result relates to the findings 

of Haddabi et al., (2019), Akpaeti & Agom (2020) that says the level of involvement in farming 

and non-farm economic activities is influenced by marital status. The majority (59.2%) of the 

respondents have a household size of 6-10 members, with an average of 6 members. This shows 

that farmers in the research area have moderate household sizes, which means that their enterprise 

needs external labour to supplement the inadequate and predominant family labour, and a high 

amount of family labour does not automatically translate to family labour because many farmers 

are now aware of the importance of education and do not want to deprive their children of the 

opportunity. This finding support that of Akpan et al., (2017). It also shows that 50.4% of the 

respondents have a farming experience of one to ten (1 – 10) years, with a mean farming experience 

of 11 (eleven) years. This result correlates with that of Rehman et al., (2013) who reveal that 

exactly 38% of the respondents had farming experience of up to 10 (ten) years, Edeoghon et al., 

(2008) reveals that 32% of respondents had a farming experience of about 20 years. A significant 

amount of farming experience encourages creativity, adoption, and risk aversion. The ability of a 

farmer to make judgments about his farm that will boost his output and income increases with 

experience. The monthly income level shows that the majority (50.4%) of the respondents earn ₦ 

30.001 – 50,000, with an average monthly income of ₦ 37,812.78. This suggests that the majority 

of the study's farmers are peasants, who only earn a limited amount of money for the upkeep of 
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the family. In Table 1, 73.7% of the respondents do not have access to credit. This suggests that 

majority of farmers in the study area lack access to loans from formal credit sources. This is likely 

a result of the strict requirements for collateral when receiving credit from financial institutions, 

as well as the fact that there are few banks in the study area and that these banks take a long time 

to approve loans, disburse them, and require collateral security. This finding is consistent with that 

of Haddabi et al. (2019), who claim that most farmers lack the financial resources necessary to 

increase their production activities. 

3.2. Determinants of Digital Credit Access among Farmers 

Binary logit regression is carried out to ascertain the determinants of access to digital credit as 

presented in Table 2 below. The dependent variable (access to digital credit) is captured as 

accessed = 1, did not access = 0. The diagnostic statistics of the estimated model yielded a log-

likelihood ratio of 110.636 which is significant at the 1% probability level; denoting the goodness 

of fit and the strong explanatory power of the model. The McFadden R2 value of 0.432311 denotes 

that about 43.2311% of the variability in access to digital credit among farmers is accounted for 

by the model's explanatory variables. Findings reveal that of the nine (9) variables that are included 

in the model, five (5) variables impacted significantly on access to digital credit. These are 

educational level, access to credit, value worth of the phone, average savings, and electricity bill 

which were measured using a Binary logit model.  

The coefficient of educational level (0.113942) is positive and significant at 10%. This suggests 

that educational level is a factor in accessing digital credit. Farmers who have attained a certain 

level of formal education have a good knowledge of the digital credits and a better understanding 

of how the platform operates and as such, they tend to make use of the opportunity in obtaining 

credits, unlike farmers who have no formal education who finds it challenging to understand how 

the digital credit platform operates. This result is in consonant with that of Kirui et al., (2012) who 

discovers that people who have attained some level of education were more likely to access digital 

credit platforms with the use of their mobile phones. The coefficient of Access to credit (0.973339) 

is positive and significant at 5%. This indicates that farmers who have access to credit stood a 

better chance of having access to digital credit. During obtaining credit from a formal credit 

institution, the farmers are likely to gain information about available digital credit platforms to 

which they can have easy access. Thus, increasing their chances of having access to digital credit 

platforms due to the information they receive in the course of obtaining credits. Unlike farmers 

who never have access to credits, they are not privileged to get this information from credit 

facilitators.   

The coefficient of value worth of the phone (2.68191e-05) is positive and significant at 10%. Since 

their phones are not limited to having access to the internet and other tools necessary by digital 

credit platforms, this suggests that farmers utilizing high-value phones likely stand a better chance 

of having access to digital credit. Unlike farmers who use phones restricted from having access to 

the internet, these phones used by these farmers have a low value worth and as such, they cannot 

perform some tasks. Farmers with high-value-worth phones have access to digital credit platforms 

compared to farmers with low-value-worth phones. The coefficient of Average savings (3.64645e-

05) is also positive and significant at a 1% level of probability which implies that average savings 

are a major determinant of having access to digital credit. Respondents with high average savings 

are more likely to access digital credit because they have the financial capacity to purchase a good 

electronic device as well as subscribe to their phones to get updated on digital credit platforms. 
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The coefficient of the electricity bill (−0.000531500) is negative and significant at a 1% level of 

probability. This implies that respondents who pay more electricity bills are less likely to have 

access to digital credit platforms. Due to an increase in electricity tariff, farmers are discouraged 

to continue paying electricity bills, resulting in no power supply to charge their phones and use it 

in having access to the digital credit platform. This result is in tune with that of Kirui et al., (2012). 

Table1: Socio-economics Characteristics of the Respondents 
Gender Frequency Percentage (%) 

Female 133 55.4 

Male 107 44.6 

Total 240 100.0 

Age (Years)   

<30 54 22.5 

31 – 40 81 33.7 

41 – 50 103 43.0 

>50 2 0.8 

Total 240 100.0 

Mean 35  

Education   

No formal Education 12 5.0 

Primary 29 12.1 

Secondary 96 40.0 

OND 48 20.0 

B.SC/ HND 55 22.9 

Total 240 100.0 

Marital Status   

Single 83 34.6 

Married 132 55.0 

Widow 20 8.3 

Divorced 5 2.1 

Total 240 100.0 

Household Size   

1 – 5 98 40.8 

6 – 10 142 59.2 

Total 240 100.0 

Mean 6  

Farming Experience   

<10 121 50.4 

11 – 20 95 39.6 

21 – 30 22 9.2 

>30 2 0.8 

Total 240 100.0 

Mean 11  

Income (₦)   

< 30,000 94 39.2 

30,001 – 50,000 121 50.4 

50,001 – 100,000 3 1.3 

100,001 – 200,000 8 3.3 

>200,000 14 5.8 

Total 240 100.0 

Mean ₦37,812.78  

Access to Credit   

Yes  63 26.3 

No 177 73.7 

Total 240 100.0 

Source: Field Survey, 2022  
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Table 2 Estimate of the Logit Model for the Determinant of Factors that Influence Access 

to Digital Credit among Farmers in the Study Area 

Variables            Coefficient           Std. Error              Z                   P-value 

Constant            −2.63296                0.834284            −3.156              0.0016*** 

EDUL                  0.113942              0.0633631            1.798             0.0721* 

ATC                     0.973339              0.482750              2.016             0.0438** 

ATEX                   0.336777             1.07680                0.3128            0.7545   

INTR                    4.32445                5485.28               0.0007884      0.9994 

LDUR                −2.76559                10179.4             −0.0002717      0.9998 

PWTH                  2.68191e-05         1.52529e-05        1.758              0.0787* 

DSUB                 −0.000172217        0.000107881      −1.596            0.1104 

ASAV                   3.64645e-05         9.17226e-06         3.976          <0.0001*** 

EBIL                  −0.000531500         0.000187908      −2.829            0.0047***  

Mean dependent var     0.775000             S.D. dependent var       0.418455 

McFadden R-squared   0.432311            Adjusted R-squared      0.354161 

Log-likelihood          −72.64115              Akaike criterion            165.2823 

Schwarz criterion        200.0887              Hannan-Quinn              179.3067    

Number of cases 'correctly predicted' = 199 (82.9%) 

ƒ(beta'x) at mean of independent vars = 0.418 

Likelihood ratio test: Chi-square (9) = 110.636 [0.0000] 

Source: Computed from field data 2022 using gretl.  

*Significant at 10% level, **Significant at 5% level, ***Significant at 1% level 

 

4.0 Conclusion and Recommendation 
Financial services can now be accessed through digital credit without physically visiting a bank. 

According to the study, the majority of farmers in the study area (77.5%) are aware of digital credit 

platforms, while 22.5% are not. Only 32.9% of farmers do not have access to digital credit systems, 

hence the knowledge level has not converted into access. This is because obtaining digital credit 

has a statistically significant association with factors including educational attainment, credit 

availability, phone value, average savings, and power expenditure. This is presumably due to the 

decrease in transaction costs and the speedy approval of loans—which typically takes two to three 

days—and the shorter time necessary for application. Loan applications and approvals can be 

completed electronically from the comfort of a borrower's home, and these platforms typically 
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have lower collateral requirements and an average interest rate of 6% than traditional banks, 

making it more convenient and less stressful. Therefore, with the expanded use of digital credit, 

farmers will have access to a variety of financial services close by, alleviating one of the biggest 

production challenges they currently face: insufficient access to finance. The use of digital finance 

services would result in more sales for farmers and might, over time, stimulate agribusiness or 

farm development. This highlighted the need for digital credit service providers to increase access 

to sufficient float of funds (credit) in the study area with a platform that is simple to use, has 

flexible terms and conditions, a favourable interest rate, collateral requirements, and loan duration 

to promote accessibility. Additionally, the government and public-private partnership should pay 

attention to the issue of electricity needed to charge mobile phones in the study area. 

  

   

References  

Adebayo, O. O. (2012). Effects of Family Size on Household Food Security in Nigeria. Asian  

   

Akpaeti, J. A., Okon, U. E., & Ekpo, U. E. (2019) Value addition and its effect on the stages of 

cassava production in Uyo agricultural zone, Akwa Ibom state, Nigeria. 2(2): 41-50. 

Akpaeti, J. A., & Agom, D. I. (2020) Determinants of productivity among cooperative and non-

cooperative cassava farming households in Akwa Ibom State, Nigeria. Faman Journal. 

20(2): 11-22. 

Akpaeti, A. J., & Umoh, G. S. (2013). Farm resource productivity in conflict communities: 

Evidence from the Niger Delta region, Nigeria. Sky Journal of Agricultural Research, 2(3): 

28-39. 

Akpaeti, A. J., & Umoren, A. A. (2020) Investigating the determinants of loan repayment 

performance among cooperative beneficiaries in the South-South, Nigeria. Int’l Journal of 

Agric. and Rural Dev. 23(2): 5223-5228. 

 

Akpan, S. B., Udoh, E. J., & Adah, A. J. (2017) Analysis of economic efficiency and perceived 

constraints to small scale Cassava production in Oruk Anam local government area of Akwa 

Ibom State, Nigeria. Int’l Journal of Agric. and Rural Dev. 20(1): 2951-2961, 2951 

   

Al-Smadi, M. O. (2018). The role of financial inclusion in financial stability: a lesson from Jordan. 

Banks and Bank Systems, 13(4): 31-39. 

 

Edeoghon, C. O., Ajayi, M. T., & Ugboya, T. O. (2008). Awareness and use of sustainable 

agricultural practices by arable crop farmers in Ikpoba Okha local government area of Edo 

State. J. Sust. Dev. Agri. Envir. 3(2): 55-63. 

 

Elizabeth, N. M. (2020). Digital credit borrowing and the financial risk exposure of micro and 

small enterprises in Nairobi city county, Kenya. Kenyatta University. 

 



A. J. Akpaeti & M. N Archibong    AJAFS 6 (3) (2022) 168 - 179 

177 
 

Fawole, O. P. (2006). Poultry farmers’ utilization of information in Lagelu local government area, 

Oyo state of Nigeria. Int. J. Poultry Sci. 5(5): 499-501. 

  

Findev Gateway, (2020). Financial Inclusion for development. Connecting the global 

microfinance and financial inclusion community. https://www.findevgateway.orgs 

Global System for Mobile Association (GSMA). (2016). The State of Mobile Money in Sub-

Saharan Africa 2016. Retrieved on 8th October 2018 from https://www.gsma.com 

Haddabi, A. S., Ndehfru, N. J., & Aliyu, A. (2019). Analysis of food security status among rural 

farming households in MUBI North Local Government area of Adamawa STATE, Nigeria. 

International Journal of Research 7(7):226–246. 

https://doi.org/10.29121/granthaalayah.v7.i7.2019.757 

Hadebe, L. B., & Mpofu, J. (2013). Empowering Women through Improved Food Security in 

Urban Centers. A Gender Survey in Bulawayo Urban Agriculture. African Educational 

Research Journal. 1 (1): 18-32. 

 

Karlan, D., Kendall, J., Mann, R., Pande, R., Suri, T., & Zinman, J. (2016). Research and impacts 

of digital financial services (No. w22633). National Bureau of Economic Research. 

 

Kirui, O. K., Okello, J. J., & Nyikal, R. A. (2012). Awareness of mobile phone-based money 

transfer services in agriculture by smallholder farmers in Kenya. International Journal of 

ICT Research and Development in Africa (IJICTRDA), 3(1): 1-13. 

 

Liu, G. S. & Tai, P.H. (2016). A Study of Factors Affecting the Intention to Use Mobile Payment 

Services in Vietnam. Economics World, 4(6), 249-273. Doi: 10.17265/2328 

7144/2016.06.001 

   

Omol, E., Abeka, S., and Wauyo, F. (2017). Factors Influencing Acceptance of Mobile Money 

Applications in Enterprise Management: A Case Study of Micro and Small Enterprise 

Owners in Kisumu Central Business District in Kenya. International Journal of Advanced 

Research in Computer and Communication Engineering, 6(1):208-219. 

Doi:10.17148/IJARCCE.2017.6140 

Org. Consultative Group to Assist the Poor (CGAP)., (2016) The proliferation of digital credit 

deployments. Available: https://www.cgap.org/sites/default/files/Brief- Proliferation-of-

Digital-Credit-Deployments-Mar-2016_1.pdf [Accessed]: 12th September 2018. 

   

 

Org. National Population Commission. (2016)., Nigeria. (2006). Census Report. 

 

Oyier, J. O. (2020). Access to digital Nano-credit and the economic welfare: a case study of the 

low-income earners in Nairobi County (Doctoral dissertation, Strathmore University). 

 

about:blank
about:blank


A. J. Akpaeti & M. N Archibong    AJAFS 6 (3) (2022) 168 - 179 

178 
 

Rehman, F., Muhammad, S., Ashraf, I., Mahmood K., & Ruby, T. (2013). Effect of farmers’ 

socioeconomic characteristics on access to agricultural information: Empirical evidence 

from Pakistan. Young (Up to 35), 52, 21-67. 

   

Reynolds, T., Klawitter, M., Anderson, C. L., Biscaye, P., Callaway, K., Greenaway, M., 

Lunchick-Seymour, D., McDonald, M., & Hayes, A. (2017). Review of digital credit 

products and regulations. Evans School of Public Policy & Governance. Retrieved on 7th 

October 2018 from https://evans.uw.edu 

 

World Bank Group. (2013). Global financial development report 2014: Financial inclusion ( 2). 

World Bank Publications. 

Yao, B. H., & Shanoyan, A. (2018). Could mobile money applications improve farm productivity? 

Insights from rural Mozambique. 

 

Yang, R., & Liu, H. (2019). Empirical analysis of factors influencing farmers' loan and loan size 

through the internet platform. Jiangsu Agricultural Sciences, 47(10): 342-346. 

 

Zubairu, E. A., & Maurice, D.C. (2014). Analysis of Household Food Insecurity among Food Crop 

Farmers in Ardo-Kola Local Government Area of Taraba State, Nigeria. Taraba Journal of 

Agricultural Research, 2 (2): 20-25. 

 

 

 

 


